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Disclaimer: The representative papers selected in this slide are not comprehensive and omit many
influential works. These selected papers are intended to illustrate my perspective on the trend.
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[1] Achiam, Josh, et al. "Gpt-4 technical report." arXiv preprint arXiv:2303.08774 (2023).

[2] Reid, Machel, et al. "Gemini 1.5: Unlocking multimodal understanding across millions of tokens of context." arXiv preprint

arXiv:2403.05530 (2024).
[3] Dubey, Abhimanyu, et al. "The llama 3 herd of models." arXiv preprint arXiv:2407.21783 (2024).
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[4] OpenAl. (n.d.). Learning to reason with LLMs. Retrieved January 2, 2025, from

https://openai.com/index/learning-to-reason-with-lims/

[5] OpenAl. (n.d.). Introducing ChatGPT Pro. Retrieved January 2, 2025, from
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[1] Gunter, Tom, et al. "Apple intelligence foundation language models." arXiv preprint arXiv:2407.21075 (2024).
[2] Yao, Yuan, et al. "Minicpm-v: A gpt-4v level mllm on your phone." arXiv preprint arXiv:2408.01800 (2024).

[3] O'Neill, Abby, et al. "Open x-embodiment: Robotic learning datasets and rt-x models." arXiv preprint

arXiv:2310.08864 (2023).
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[4] Jan Patnzar. "The Challenges to Achieve Level 4/Level 5 Autonomous Driving." from

[5] Kaufmann, E, et al. Champion-level drone racing using deep reinforcement learning. Nature 620, 982—

987 (2023).
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